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Comparison between the empirical bayes method with
moments method to estimate the affiliation parameter in the
clinical trials using simulation

1.Abstract:-

In this research the Empirical Bayes method is used to Estimate the
affiliation parameter in the clinical trials and then we compare this with the
Moment Estimates for this parameter using Monte Carlo stimulation , we
assumed that the distribution of the observation is binomial distribution while
the distribution with the unknown random parameters is beta distribution
finally we conclude that the Empirical bayes method for the random affiliation
parameter is efficient using Mean Squares Error (MSE) and for different
Sample size .

Key word :- missing data , clinical trials , affiliation parameter
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Lo | g EE (Tgg) ME (MyE)
0% 0.699353 0.8833 0.1856 0.952381 0.24983
10% 0.644192 0.875 0.20398 0.947368 0.27459
20 20% 0.641741 0.86538 0.2221 0.941176 0.29922
25% 0.619721 0.85416 0.23931 0.933333 0.32304
0% 0.662107 0.94166 0.00262 0.98039 0.00807
10% 0.704686 0.93636 0.01424 0.978260 0.02583
50
20% 0.725791 0.93 0.03440 0.97153 0.05339
25% 0.78532 0.92222 0.06284 0.97222 0.09041
0% 0.63260 0.96818 0.00603 0.99009 0.009917
10% 0.62325 0.965 0.02175 0.98909 0.029409
100
20% 0.55724 0.96111 0.04690 0.987654 0.05911
25% 0.55689 0.95880 0.06289 0.986842 0.077736
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